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CNN 2Ho| EZ M(Feature Map)
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AEIY £4(Style Loss)
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Gram Matrix (= Style Representation)
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AEIY £4(Style Loss)
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Style Reconstruction} Content Reconstruction &I{ & 7|

[ Style Reconstructions ]

« Gram Matrix= xj=Q| 37|22 HX|A| &L},

Style Reconstructions 3

(a) conv1_1

(b) conv1_1, conv2_1

Style
Representations D

(c) conv1_1, conv2_1, conv3_1

(d) conv1_1, conv2_1, conv3_1, conv4_1,

(e) conv1_1, conv2_1, conv3_1, conv4_1, convb_1

Input image Q

[ Content Reconstructions ]
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Convolutional Neural Network

(a) conv1_2
(b) conv2_2
(c) conv3_2
(d) conv4_2

(e) convb_2
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Style Transfer €112|&
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